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Background: -

It is expected that 38% of women and 44% of men CO NC I LISTIONS
will experience a cancer diagnosis at some point In
their lives.

* Artificial Intelligence (Al) in healthcare may afford
new avenues for the provision of personalized
and patient-centred care.

Aim: to establish the state of science In terms of Al

Integration for symptom monitoring within the adult prOmiSiﬂg pOtentiaI {0 en hance

cancer survivorship trajectory. - - - -
Methods: symptom monitoring In diverse

A comprehensive search was done from 2013 to cancer Settings by incc)rporating
November 2023.

Results/Graphs/Data:

Most studies were published between 2021 and 2023
and the median sample size was 617.1, SD = 1401.4.
Study design: Cohort designs (80.5%), cross-sectional
designs (12.2%), randomized controlled trial (7.3%)

. . Most evaluated cancer types: multiple tumor

Fl nd | ngS SuggeSt that Al haS d types* (31.7%), breast cancer (26.8%), Gastrointestinal
cancers (9.8%), Various metastatic cancers (9.8%)
Outcome measure: Pain (34.2%), quality of life
(28.3%), fatigue (17.1%), nausea (17.1%)

Table 1. Application of Al In symptom monitoring
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